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GAN Example: Style Transfer

Zhu JY, Park T, Isola P, Efros AA. Unpaired image-to-image translation using cycle-consistent adversarial networks. InProceedings of the IEEE international 
conference on computer vision 2017 (pp. 2223-2232).



GAN Overview

Karras T, Laine S, Aittala M, Hellsten J, Lehtinen J, Aila T. Analyzing and improving the image quality of stylegan. InProceedings of the IEEE/CVF conference on 
computer vision and pattern recognition 2020 (pp. 8110-8119).
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Antipov G, Baccouche M, Dugelay JL. Face aging with conditional generative adversarial networks. In2017 IEEE international conference on image 
processing (ICIP) 2017 Sep 17 (pp. 2089-2093). IEEE.
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Wang X, Li Y, Zhang H, Shan Y. Towards real-world blind face restoration with generative facial prior. InProceedings of the IEEE/CVF Conference on Computer 
Vision and Pattern Recognition 2021 (pp. 9168-9178).



GAN Overview

https://thispersondoesnotexist.com/

https://thispersondoesnotexist.com/


GAN Architecture



Training Process



GAN Objective Functions

GAN Objective Functions: GANs and Their Variations

https://towardsdatascience.com/gan-objective-functions-gans-and-their-variations-ad77340bce3c
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Case Study: StyleGAN

Karras T, Laine S, Aila T. A style-based generator architecture for generative adversarial networks. InProceedings of the IEEE/CVF conference on computer 
vision and pattern recognition 2019 (pp. 4401-4410).



Case Study: StyleGAN

StyleGAN 2 fixed subtle defects generated by StyleGAN.


